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We analyze a comprehensive set of mergers and acquisitions from SDC data from 1992
through 2009. We do not impose common restrictions such as excluding private bidders,
small targets, or deals without a deal value. We show a broader scope of mergers and acqui-
sitions activity than that implied in the literature, which generally oversamples larger deals
involving public firms. Further, some of our results differ from the extant literature. For
example, the finding that mergers occur in waves is attenuated with a greater presence of
smaller and/or non-public firms. Also, acquirers gain in most takeovers despite a threefold
decline over the sample period in acquirer returns. (JELG14, G34)

Muchof what we know about mergers and acquisitions (M&As) is taken from
studies that are performed on relatively small and unrepresentative samples,
sometimes leading to inferences about them that are incomplete or misleading.
We consider a substantially larger sample than those found in previous stud-
ies, which allows us to both present data that are more representative of the
characteristics of M&As and provide evidence on the extent to which some
conclusions of the prior literature hold true in the larger sample. Our results
substantiate much of the earlier work, but we also provide evidence that some
conclusions from unrepresentative samples do not hold for M&As in general.
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In addition, we consider some of the definitions of acquisition and merger, dis-
cuss the distinction between public and private transactions, and provide some
guidance on the importance of considering in detail the impact of sample se-
lection on empirical analysis.

Our large sample allows us to supplement and in some cases modify what
research has found about the nature of M&As. First, we show the considerable
breadth of M&A activity. A large number of deals are screened out of most
research because there is insufficient data for the analysis. Thus, the samples
that are used oversample larger deals and deals involving publicly traded firms.
For example, of the 311,894 acquisitions we identify in the SDC database,
only 41.3% (128,900) include a U.S. acquirer. Of those transactions, 67,265
of the acquirers (21.6% of the original sample and 52.2% of the U.S. acquirer
sample) have data available on CRSP. If we require that the target be at least
1% of the acquirer size, which also requires a non-missing deal value, then the
number of transactions drops to 28,412 (22.0% of U.S. acquirer transactions).
Further, requiring the target to have data available on CRSP and be valued
at $50 million or more reduces the number of transactions to 3,100. These
remaining deals are those most likely to be studied in detail, yet they represent
only 2.4% of the U.S. acquirer transactions and only 1% of the worldwide
sample.

Second, when we widen the scope of M&As to include those deals in the
SDC database that are usually left out of research due to data constraints, some
results differ from those in the extant literature. For example, research demon-
strates the existence of merger waves and clustering in industries subject to
exogenous shocks from factors such as changes in technology, input prices, or
regulation. However, we find that merger waves, both in aggregate and within
industries, are far less apparent in the larger dataset. This mitigation of waves
is because the larger sample includes deals with private acquirers and small
deals. Merger and acquisition activity that includes small deals and private ac-
quirers is much smoother and less wavelike than the pattern observed with only
public acquirers and large deals. Further, the relation between IPO activity and
M&A activity is much weaker in the larger sample than others have found with
more restrictive samples.

Additionally, instead of industry waves, we find that M&As are concentrated
in certain days within a year. The top three acquisition effective dates account
for 3.56% of all effective dates, and the days on which they occur are days 365,
181, and 90, corresponding to the end of a quarter. We speculate that these clos-
ing dates are influenced by tax considerations or by financial advisors pushing
deals through in order to obtain higher rankings. On the flip side, the comple-
tion rate is only 0.22% (versus the unconditional expectation of 0.82%) during
the three days around and including Christmas (days 358, 359, and 360). These
three days have the fewest number of acquisition completion announcements.

Third, we verify, expand, and present new evidence regarding acquirer
abnormal announcement returns. Our evidence suggests that on average,
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acquisitionactivity—acquiring, divesting, and being acquired—is wealth in-
creasing for shareholders of acquiring firms. For 9,533 unique U.S. acquirers
with CRSP data, the average combined abnormal return from all of a firm’s
acquisition and divestiture activity is 15.7%. Only when one has limited the
sample to large public firms buying other large public firms is the acquirer an-
nouncement return negative; in the larger samples of acquirers, the acquirer
abnormal return is positive and significant. Similarly, some of the findings on
the relation between returns and method of payment are sample specific. The
result that negative acquirer returns are associated with deals where stock is a
means of payment is not a universal finding. Stock as a method of payment in
M&As is used more than cash in deals associated with the highest cumulative
abnormal returns. Further, the use of stock is as frequent in the greatest value-
reducing deals as in the deals that create the most value. Thus, market timing
by managers cannot fully explain the use of stock.

Finally, we show that the vast majority of firms listed on CRSP participate in
the market for corporate control and that this market is resilient despite broad
economic fluctuations. We find that 75.5% participate in M&As and do so
quite frequently (on average, U.S. acquirers on CRSP made eight acquisitions
from 1992 to 2009). Also, once we consider frequently deleted deals, M&A
activity is best described as predominant and pervasive. For example, during
the financial crisis of 2008 and 2009 when both equity values were depressed
and debt financing was difficult to obtain, M&A activity could at worst be
described as merely slowing down.

The remainder of this article is organized as follows: In Section 1, we present
descriptive statistics on the full sample of M&As in the SDC database, and we
discuss what is meant by common terminology such as public, private, merg-
ers, and acquisitions. We examine M&A clustering and waves in Section 2.
Statistics on the broadest set of acquisition announcement returns are presented
in Section 3. We conclude in Section 4.

1. Sample Size and Evidence on Mergers and Acquisitions

1.1 Sample selection in studies of mergers and acquisitions
Existing M&A research, even research based on “large samples,” generally
uses relatively small samples compared to the available set of M&A activ-
ity. For example, large-sample research includes the work ofErel, Liao, and
Weisbach(2010) with 56,978 andEllis, Moeller, Schlingemann, and Stulz
(2011) with 37,414 cross-border deals;Ahern (2007) and Moeller,
Schlingemann, and Stulz (2005) both with over 12,000 acquisitions;
Maksimovic and Phillips(2008), who examine the acquisitions of plants by
24,868 firms; andMaksimovic, Phillips, and Yang(2010), who examine the
acquisition of plants and differences between public and private firm character-
istics in mergers for 40,000 firms.At the opposite extreme,Boone and Mulherin
(2008) look at about 300 acquisitions, but do so in detail. In the middle, and
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moretypical, are studies such asRhodes-Kropf, Robinson, and Viswanathan
(2005) with 4,325 acquirers;Fuller, Netter, and Stegemoller(2002) with 3,135
target firms; Rhodes-Kropf and Robinson(2008) with 3,400 deals; and
Andrade, Mitchell, and Stafford(2001) with 3,688 deals. In contrast, we find
that the full set of SDC M&As from 1992 to 2009 numbers more than 310,000
(128,900 transactions when restricted to U.S. acquirers). This sample includes
more acquisitions per year than any other study of U.S. acquirers and includes
recent data.

We examine all completed M&As available on SDC’s U.S. Mergers and
Acquisitions Database from January 1, 1992, to December 31, 2009. Initially,
we do not restrict the data as to whether or not targets or acquirers are domestic
or foreign, nor do we place restrictions on whether or not SDC reports target
deal value.1 We limit our analysis to transactions with an explicit change of
control: The acquirer must purchase 50% or more of the target’s shares in the
transaction and own less than 50% of the target prior to the transaction.2 Our
sampleselection is based on the following steps:

Step 1: All acquisitions from 01/01/1992 to12/31/2009.

Step 2: Disclosed and Undisclosed [deal value] Mergers and Acquisitions
(Deal Type: 1, 2).

Step 3: Deal Status is “Completed.”

Step 4: Percentage of Shares Acquired in Transaction: 50 to HI.

Step 5: Percentage of Shares Held by Acquirer Six Months Prior to Announce-
ment: 0 to 49.

After these screens, we eliminate 9,332 duplicate observations3 andare left
with 311,894 transactions with available deal values totaling over $32 trillion.
We adjust all dollar values to 2010 dollars by the Consumer Price Index (CPI).

For illustrative purposes, we compare our sample selection criteria to that
of Fuller, Netter, and Stegemoller(2002), who consider a sample of more than
500 unique acquirers for more than 3,000 public and private targets from 1990
to 2000. These authors use four restrictions that we do not employ in this study.
First, they require the target to be a public firm, a private firm, or a subsidiary
of a public firm. Our sample includes, for example, government-owned en-
tities and subsidiaries of private firms. Their second restriction requires the
target firm to have a disclosed dollar value. We examine all deals, whether a

1 The deal value reported by SDC is not necessarily equivalent to the value of the target. For example, if an
acquirer purchases 60% of a $100 million firm, then the deal value is $60 million.

2 We choose to examine deals where the transaction is significant for both the bidder and the target. Thus, we
would not include a deal where the acquirer had 49% and acquired 2% or where the acquirer owns 30% of the
target and then acquires another 25%. However, any deal where the bidder acquires more than 50% of the target
is included.

3 We delete duplicate observations based on all of the following variables: announcement and effective date,
acquirer and acquirer parent name, deal value, target and acquirer SIC code, and percentage stock as method of
payment.
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dealvalue is disclosed or not. Third, they impose the restriction that acquiring
firms are U.S. firms publicly traded on the AMEX, NASDAQ, or NYSE and
have five days of return data around the takeover announcement listed in the
CRSP file. Although we analyze acquirers with this restriction for comparative
purposes in some of our reported results, we place no restriction on the public
status or nationality of the acquirer for our primary sample. Finally, in Fuller
et al., neither the acquirer nor the target is a utility or a financial institution. We
place no restriction on the industry of the acquirer. The Fuller et al. restrictions
are typical of much M&A research, especially the second and third restrictions,
and result in the elimination of a significant number of mergers, especially of
smaller firms. However, their sample is large by comparison to many studies,
mainly due to the inclusion of private targets.

1.2 SDC data
We start our analysis of SDC data in 1992 after comparing the number of do-
mestic deals reported in the SDC database to the number of domestic deals
reported by W. T. Grimm & Co. from 1980 to 1991 (see Table A1). For the
first two years of data, 1980 and 1981, SDC reports less than one-third of
the number of domestic deals that Grimm reports. From 1982 to 1986, there
are no quarters in which SDC coverage is greater than that of Grimm, with
the number of transactions in SDC representing from 26% to 93% of that
in Grimm. The first quarter in which SDC coverage is greater than that of
Grimm is the second quarter of 1987. After the third quarter of 1988, SDC
coverage is consistently greater than Grimm, averaging 1.36, 1.71, and 1.84
times the Grimm coverage in 1989, 1990, and 1991, respectively. Therefore,
by at least 1989 the SDC coverage appears to be complete (at least as com-
pared to Grimm) using the screens typical of academic research. This relatively
rapid change in SDC coverage in the 1980s suggests that researchers wanting
to analyze data from the 1980s using the SDC database should be cautious,
especially if answering their research question involves examining acquisition
activity over time. Though we do not determine the nature of the bias for SDC
M&A data from the 1980s, we do know that it is less complete than that since
1990.

In our analysis, we concentrate on deals since 1992. The main reason is
that only after 1992 does the SDC database cover deals of any value, includ-
ing unreported values. Specifically, SDC Platinum online help for U.S. and
non-U.S. targets data from the worldwide mergers, acquisitions, and alliances
database says about coverage: “All corporate transactions involving at least 5%
of the ownership of a company where the transaction was valued at $1 million
or more (after 1992, deals of any value are covered) or where the value of
the transaction was undisclosed.” We take all data on transaction characteris-
tics from SDC in our analysis. In addition, we use CRSP and Compustat to
determine price and accounting data, respectively.
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Table 1
Classifications of mergers and acquisitions

(continued)

A difficulty in M&A research is that the type of transaction of interest to the
researcher may not have a matching definition in a data source such as the SDC
database.4 For example, there is subjectivity in defining the different types of
M&As. Bruner(2004) designates eight classifications (reported in Panel A of
Table1) based on the impact on taxes for buyers and sellers, voting implica-
tions, and form of payment in addition to other substantive characteristics. In
contrast, SDC classifications are more general and are broadly based on the
amount of the firm acquired. Thus, the researcher would want to take care that
the transactions defined in the database are consistent with the set being stud-
ied. In this article, we do not distinguish among the SDC definitions such as
acquisitions of assets, mergers, acquisitions of majority interest, or acquisitions
of “certain assets.” To the seller, the implications of an asset sale may have lit-
tle in common with a merger. However, it is not clear what distinction to make,
if any, among these transactions when the acquirer is the party-of-interest, as
in our research. For example, it is difficult to assign specific nomenclature to
a transaction in which an acquirer purchases 12 grocery stores. The acquirer
is likely purchasing a business—12 businesses, in this case—while the target’s
parent is selling an asset. We try to avoid using SDC’s definitions since they
are vague. Instead of using SDC’s subcategorization of M&A, we start with all
takeovers, as loosely defined as possible (see SDC steps 1 and 2 above), and
use some common screens to determine if control of an asset changes in the
transaction (see SDC steps 3–5 above).

Panel A in Table1 suggests that if a researcher is interested in the exam-
ination of issues related to the technicalities inherent in the form of the deal
(e.g., tax implications, the acquirer’s exposure to the target’s liabilities, etc.),
then the individual should use SDC’s definitions of merger and acquisition as

4 This is the argument for case studies where all the characteristics of a single transaction can be studied in detail.
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aguide only, not as the definitive word on form. Similarly, SDC provides very
little guidance as to how the data are collected or how the variables that classify
the data are defined. This lack of guidance leaves the researcher with little help
in determining if classifications regarding M&As are correct or appropriate for
his or her research.5

Thereis also little certainty on the degree to which the SDC database is com-
plete, even when one of the parties in the transaction is public. For example, in
an appendix to their paper,Rodrigues and Stegemoller(2007) show that SDC
reports only about 96% (68 of 71) acquisitions made by Cisco Systems from
1995 to 2004. Further, we suggest nothing about the completeness of the SDC
data regarding foreign transactions, as we have no means of comparison for
these transactions as we do for domestic deals. For the most part, we do not
include acquisitions by foreign firms in our analysis here.

Panel B in Table1 reports statistics on SDC’s “form of deal” variable for
both U.S. and foreign acquirers. The majority of the transactions in our sample
of U.S. acquirers are acquisitions of assets (72.9%). Among the acquisition of
assets transactions, 64.7% do not have a deal value, and only 0.4% of these
transactions involve a target with a public status classification of “public” ac-
cording to SDC. Mergers comprise the next largest grouping of transactions,
at 20.7% of our sample of U.S. acquirers, of which 34.8% have a missing deal
value and 28% involve a public target as classified by SDC. The next largest
category is acquisitions of a majority interest. These deals are 4.1% of our
sample, and 18.6% of the deals are for targets classified as public by SDC. No
other classification (acquisition of “certain assets,” acquisition, acquisition of
remaining interest, or exchange offer) makes up more than 2% of our sample
of U.S. acquirers.

Panel B of Table1 demonstrates that the types of deals that are most likely
to be covered by traditional academic studies are mergers. Though mergers
(as defined by SDC) comprise one-fifth of the M&A sample, they have much
more information about the deal available to the researcher than other transac-
tions in the data. Comparing mergers to the much more abundant acquisition
of assets, we see that mergers are almost twice as likely to have a deal value
recorded for the target and more than 50 times more likely to have extensive
information about the target’s other characteristics since the target is publicly
traded. Mergers, as classified by SDC, are only a stock swap about half the
time. Yet, this proportion of stock deals is more than three times as much as
in any of the other top five deal forms. Thus, inserting “merger” as a form of
deal screen in SDC will bias a study of M&As toward public-public deals paid
for with stock. To then characterize all M&As by the results of such studies is
misleading.

5 We do not address the question of whether the individual data items are consistent in SDC, which may also
occur.Boone and Mulherin(2007), for example, show the incompleteness of the SDC data in their examination
of termination provisions (see their Table3, p. 470).
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The data for acquisitions by foreign acquirers are fairly similar and are in
Columns 6–8 of Panel B in Table1. The main difference from the U.S. acquir-
ers is that there are fewer deals classified as acquisitions of assets (58.8% vs.
72.9% for U.S. acquirers) and more acquisitions of majority interest (17.0% for
foreign acquirers vs. 4.1% for U.S. acquirers). We do not pursue the reasons
for these differences here but instead only note them.

1.3 Effects of data screens on sample size and other variables
The implications of sample selection on corporate finance research are illus-
trated in numerous papers. For example,Kahle and Walkling(1996) show that
there are significant differences in industry classifications between CRSP and
Compustat, which has implications for some inferences in financial research.
Fuller, Netter, and Stegemoller(2002), in studying a fairly large sample of
mergers, find that results from other studies are dependent on the sample of
M&As used. For example, they add acquisitions of privately held targets to
deals with public targets and find that the proportion of cash deals is much
larger than in deals for public targets alone. Further, bidder returns are more
positive when the targets are private.Moeller, Schlingemann, and Stulz(2005)
show a relation between the size of a deal and wealth creation (or loss) from a
deal.Boone and Mulherin(2007) study a relatively small sample of takeovers
in detail and find that the SDC data about the extent of M&A activity (num-
ber of bidders, for example) miss a significant amount of M&A activity. More
recently,Holderness(2009) examines ownership concentration in U.S. firms
using hand-collected data on a sample of 375 CRSP- and Compustat-listed
firms. Using more inclusive data, he finds that ownership is not more diffuse
in the U.S. than in other countries, contradicting the commonly held academic
view.

1.4 Acquirer screens and definition of public versus private acquirers
Table2 shows the effects of various screens common in the M&A literature
on sample size. In Row 1, we present statistics for all completed M&As re-
ported by SDC in which the acquirer purchased a stake of 50% or more in the
target and owned less than 50% of the target prior to the purchase. Each sub-
sequent row in Table2 illustrates the impact of an additional commonly used
screen. Starting with Row 4, the even-numbered rows describe the previous
row’s observations that we screen out before the following row. The columns
report data on several variables that are part of most M&A studies, including
the acquirer’s mean CAR, the mean dollar gain to the acquirer, the percentage
of deals that are mostly stock, and the percentage of deals that are mostly cash.
Column 3 reports for each screen the percentage of all deals, but Column 4 is
more relevant since it is restricted to U.S acquirers and it shows for each screen
the percentage of U.S. acquirers (percentage of U.S. acquirers on CRSP) that
the transactions in that row represent.
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Table 2
Typical sample restrictions found in studies of mergers and acquisitions

This table presents statistics for all completed mergers and acquisitions announced between 1992 and 2009
reported by SDC in which the acquirer owned less than 50% of the target prior to the purchase and acquired
50% or more of the target (Row 1). In Row 2, the acquirer’s nationality is U.S. if either the acquirer or the
acquirer’s ultimate parent is incorporated in the U.S. Row 3 contains those acquirers for which there is an
available market value five days prior to the acquisition announcement on CRSP for either the acquirer or the
acquirer’s parent. Row 7 removes deals in which target deal value scaled by the acquirer market value is less
than 1%. Row 11 contains only those deals in which the target is public according to SDC. In Row 13, all deals
in which the target does not have a 3-day CAR (day 0 is the announcement day) from CRSP are eliminated.
Each row labeled “minus” contains only those transactions which are eliminated from the previous row (e.g.,
Row 4 is equal to Row 3 minus Row 5). The screens are cumulative. Column 3 shows the number of takeovers
in a particular row scaled by the number of takeovers in Row 1; in Column 4 the number of takeovers is scaled
by the total in Row 2 and, in parentheses, Row 3. Column 5 is the acquirer’s mean CAR. The product of the
acquirer’s CAR and market value of equity five days prior to the acquisition announcement is in Column 6.
% mostly stock (cash) is the number of deals financed with 50% or greater stock (cash) divided by the total
number of deals with available method of payment data. The number of observations for Columns 5–8 are in
brackets. Dollar values are in millions and adjusted to 2010 dollars by the CPI. *** and ** represent significance
at the 1% and 5% levels, respectively.
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Table 2 shows the rapid decline in sample size as further restrictions are
placed on the sample. The initial sample of 311,894 observations is cut by
more than half to 128,900 (Row 2) when the restriction that the acquirer must
be from the U.S. is imposed and by almost half again to 67,265 (Row 3)
with the requirement that the U.S. acquirer be on CRSP. Though the sample
containing U.S. acquirers with CRSP price data is less than a quarter of the
original sample and only 52% of the U.S. acquirer sample, it is still large
relative to other studies of CRSP acquirers. Further, we find (and report in
Table A2) that these transactions represent M&A activity by the majority of
firms on the CRSP database: 91.4% of all CRSP firms present over the full
sample period engage in at least one acquisition, and the mean (median) num-
ber of transactions per firm is 15.8 (8) targets. If we require only a five-year
presence on CRSP, then 75.8% of all CRSP firms engage in at least one ac-
quisition, and the mean (median) number of transactions per firm is 8.2 (4)
targets.6

In the remainder of our analysis we refer to acquirers not on CRSP as private
firms and those on CRSP as public firms. This distinction is significant since
there are gradations of what is meant by a public or a private firm. There is a
clear definition for the publicly traded firms on CRSP: Their stock is traded
on the NYSE, NASDAQ, or AMEX (see the CRSP Data Description Guide).
However, if a firm is not listed on CRSP, it does not follow that the stock is
not traded or that the firm does not file disclosure documents with the SEC,
either of which would make a firm “public” in some fashion—there is public
financial data for the latter and both public financial data and prices for the
former. For example,Bartlett (2010) shows that many firms that delist in a
“going private” transaction are still subject to SEC regulations if they have
some publicly traded security besides equity. Therefore, our reference to public
firms is not a precise reference; it would be more accurate (though less concise)
to refer to our classification of public and private firms as “firms on CRSP at
the time of the acquisition announcement” and “firms not on CRSP at the time
of the acquisition announcement,” respectively. Finally, we note in Table2 in
Rows 11–13 the difference between the number of targets that are classified as
“public” according to SDC and the targets covered by CRSP that we consider
to be public for our sample.

An additional consideration in our analysis of public and private acquirers
is that our sample of “public” firms is much more complete than our sample of
“private” firms. While we include many more of these private firms than earlier
work, we surely significantly understate the number of firms in this category.
Thus, it is difficult to say much about deals with private acquirers. Further,
what we can say is likely not very related to the actual number of non-public

6 Table A2 also shows that acquisitions are important relative to the amount spent on acquisitions versus common
firm expenditures. For example, the dollar amount spent on acquisitions is more than twice that of taxes or
dividends and is greater than that spent on interest expense and capital expenditures.
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acquirerdeals. It is hard to imagine that SDC has access to private-private deals
with any degree of regularity or precision. In other words, our private acquirer
sample is not representative because it likely loads up on transactions in which
the target is public or in which the deal is otherwise newsworthy.

1.5 Target screens
Target size restrictions further significantly reduce the sample size shown in
Rows 5–9 in Table2; for example, with the requirement that the target deal
value be greater than $50 million (Row 9), the U.S. sample is only 10.4% of
the original 128,900 U.S. acquirer observations. Restrictions on SDC’s classifi-
cation of the public status of the target and that target stock returns be reported
on CRSP take the sample down to 2.4% of the original set of U.S. acquirers.

In Columns 5–8 of Table2, we report the averages of four variables used
in many studies of M&As. The number of observations used in the calculation
of each variable is included in brackets. Column 5 reports the acquirer’s mean
cumulative abnormal announcement return (CAR) in the three-day window
around the announcement date provided by SDC. The mean CAR for the ac-
quirer is positive and significant in all samples until Row 11, where the screen
eliminates all deals in which the target is not public. Thus, the commonly re-
ported negative average return to acquirers reflects a relatively small set of all
deals. However, the mean dollar gain to the acquirer (Column 6), which is the
product of the acquirer’s CAR and market value of equity five days before
the acquisition announcement, tells a different story than the CAR results. In
almost every sample, the acquirer, on average, loses money, though most trans-
actions actually create value, as evidenced by positive and significant median
dollar gains in every row until Row 11. The unreported values range from $3.5
million in Row 9 to−$13.4 million in Row 13.

Columns 7 and 8 of Table2 report the method of payment expressed as a
percentage of the total number of deals in that row. Most of the samples have
a static percentage of mostly stock versus mostly cash deals (about 25%–35%
stock deals and 50%–65% cash deals, with the rest unknown) until the sample
is restricted to targets that SDC classifies as public (Row 11). For these targets,
the percentage of stock deals is 58.3% (61.6% in the deals when the target is
on CRSP), while the percentage of cash deals is 34.7% (31.7% when the target
is on CRSP).

Table 3 provides additional details on the screens in Table2, but in
Table3 each row is independent (i.e., the screens are not cumulative). Thus,
one can tell for each screen independently (reported by row) the percentage
of the 128,900 deals with a U.S. acquirer (Column 2) or 182,994 deals with
a non-U.S. acquirer (Column 3) or the difference between the percentages in
Columns 2 and 3 (Column 4). We find for deals with a U.S. acquirer that 7% of
the deals have a public target, 29.7% are mostly stock deals, 55.3% are mostly
cash, 20.4% are cross-border deals, 0.3% involve the government, and perhaps
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Table 3
Deal characteristics of U.S. and non-U.S. acquirers from 1992 to 2009

This table compares deal characteristics of U.S. and non-U.S. acquirers. The transactions examined are com-
pleted mergers and acquisitions announced between 1992 and 2009 reported by SDC in which the acquirer
owned less than 50% of the target prior to the purchase and acquired 50% or more of the target. Whether the
acquirer is in the U.S. or not is determined by the country reported by SDC of the acquirer’s parent. Row 2 shows
the number of deals in which the target is a public firm, scaled by that column’s total number of transactions,
which is shown in Row 8. In Rows 3 and 4, % mostly stock (cash) is the number of deals financed with 50% or
greater stock (cash) divided by the number of transactions for which there is method of payment data. Row 5
shows the number of deals in which the acquirer and target are in different countries scaled by the column’s total
number of transactions. Row 6 shows the number of transactions in which the government owns either the target
or the acquirer scaled by that column’s total number of transactions. Row 7 shows the number of transactions
without a deal value scaled by that column’s total number of transactions. Dollars (in millions) are adjusted to
2010 dollars by the CPI.

mostimportantly, since these deals are rarely studied, 57.5% have missing tar-
get deal values. The results for the deals with non-U.S. acquirers are similar.
Perhaps the most noteworthy differences in Columns 2 and 3 are that foreign
deals involve the government in the transaction more than ten times as much
and appear to use considerably more cash and less stock in the transaction.

Tables4 and5 provide further evidence on the effects of the missing deal
value screen and impact of the deal values reported. Table4 reports the acqui-
sition activity of all deals for U.S. acquirers by year (128,900 observations).
Several results stand out. First, while the number of deals in any year is fairly
stable (ranging from 3% to 8% of the total number of deals [Column 5]), the
value of deals each year varies more dramatically, from a low of 1% in 1992 to
a high of 12% in 1998 of the total value (Column 3). Second, the percentage of
transactions with a missing deal value is large and fairly consistent from year
to year in the 1990s and trends upward in the 2000s (Column 7). The average
of transactions per year with missing deal value is 57%. Third, the percentage
of deals that are cross-border deals (Column 6) is also consistent across years.
The mean number of cross-border deals is 20%, and the range is 16% to 23%.
Finally, the data for 2009 provide insight on the recent discussion on decline
in M&A activity in this period. In 2009, M&A activity is slightly less than
for an average year (5% of deals vs. 6% per year on average, and 4% of the

2328

 at U
niversity of G

eorgia Libraries on July 27, 2011
rfs.oxfordjournals.org

D
ow

nloaded from
 

http://rfs.oxfordjournals.org/


Implicationsof Data Screens on Merger and Acquisition Analysis

Table 4
Acquisitions of U.S. firms by year

This table presents the yearly acquisition activity of U.S. acquirers from 1992 to 2009. The transactions must be
completed mergers and acquisitions reported by SDC in which the acquirer owned less than 50% of the target
prior to the purchase and acquired 50% or more of the target. We consider the acquirer nationality as U.S. if
either the acquirer or the acquirer’s ultimate parent is incorporated in the U.S. Column 2 reports the sum of all
deal values for a particular year adjusted to 2010 dollars. Column 3 is the number in Column 2 scaled by the total
deal values from 1992 to 2009. Column 4 presents the total number of acquisitions in each year. The number
of acquisitions in a particular year scaled by the total acquisitions from 1992 to 2009 is reported in Column 5.
Column 6 shows the number of acquisitions in which the acquirer and target are in different countries scaled
by the total number of takeovers in that year. Column 7 shows the number of transactions without a deal value
scaled by the total number of transactions. In the last two rows, we present the total and mean for each column.

value-weighted amount vs. 6% for an average year). Nonetheless, a significant
amount of M&A continued in 2009.

Table 5 illustrates the value, number of deals, and frequency of missing
deal value across various samples of acquisitions of U.S. acquirers, including
whether the target is foreign, whether the acquirer is on CRSP or
Compustat, and whether the target is non-public according to SDC’s classi-
fication. The samples reported here, as in Table3, are the result of the single
indicated screen. Thus, the 119,932 non-public targets reported in Row 4 are
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Table 5
Characteristics of U.S. acquirers and their targets

This table presents statistics for all completed mergers and acquisitions reported by SDC in which the acquirer
owned less than 50% prior to the purchase and acquired 50% or more of the target and the nationality of the
acquirer is U.S. The announcement date of the transaction must be between 1992 and 2009. We determine the
nationality of the acquirer to be U.S. if either the acquirer or the acquirer’s ultimate parent is incorporated in
the U.S. according to SDC. Similarly, foreign targets are those that do not meet this qualification. Acquirer is
on CRSP are those acquirers in SDC for which the firms have an available market value on day−5 on CRSP
for either the acquirer or the acquirer’s ultimate parent. Acquirer is on Compustat are those acquirers with a
matching parent CUSIP on Compustat with non-zero total assets in the year the acquisition is announced (at
the time of this analysis Compustat data are available through 2008). Non-public targets are deals in which the
target is not classified as public by SDC. Target deal value is measured by the transaction value given in SDC.
Column 2 presents the sum of all reported deal values for each Row. Column 4 shows the number of transactions
without a deal value scaled by the total number of transactions. Column 5 shows the sum of reported deal values
for a particular row scaled by the sum of reported deal values in the last row of the panel. Column 6 shows the
number of observations for a particular row scaled by the number of observations in the last row of the panel.
Dollar values are in millions and are adjusted to 2010 dollars by the CPI.

thedifference between all transactions by U.S. acquirers and the public targets
among those transactions. In Rows 5, 6, and 7, data for targets with deal value
are also reported to illustrate the frequency of relative deal size within the full
sample.

In general, the number of transactions with missing deal values is fairly con-
sistent, ranging from about 42% to 60% across the various samples (Column 4
of Rows 1 through 4 in Table5). The percentage of transactions with missing
values is highest for non-public targets (60.4%). When the acquirer is on CRSP
or Compustat, the percentage of transactions with missing deal values is about
47%. Thus, in general half of all deals have a missing transaction value. Since
most M&A research eliminates transactions with missing deal values, the ma-
jority of studies include at most only half of the total number of deals. Though
not reported until Table12, we note here that of the reported deal values for
transactions in which the acquirer is on CRSP, the median (average) deal value
is $35 million ($341 million).

Columns 5 and 6 in Table5 report the percentage of deals by value and
frequency of each row relative to the full sample of U.S. acquirers. The most
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striking results come from the evidence of the relative importance of large
deals, as reported in Rows 5, 6, and 7. The smallest deals (deal value between
$0.1 million and $50 million in Row 5) represent 25.6% of U.S. acquirers’
transactions, but the relative value of those deals is only 2.9% of the U.S. ac-
quirers’ sample. These values are likely biased downward because many of the
missing deal values will probably fall into this value range. The transactions
between $50 million and $1 billion (in Row 6) comprise 14.9% of the fre-
quency and 26.2% of the value in the U.S. acquirers’ sample. Finally, for the
largest deals (over $1 billion in Row 7), the difference between value-weighted
percentage of deals and equal-weighted percentage is large. The largest deals
are a trivial proportion of the number of deals (2.0%) but a large part of the
value of deals with reported values (70.8%). The results for non-public targets
(Row 4), which tend to be smaller on average, are consistent with the results
for the smallest targets by deal value. They represent 93.0% of the total num-
ber of deals but are 42.3% of the total value of transactions. In addition, if data
were available for the 60.4% of non-public targets without deal value, the data
would probably reinforce this difference between the relative number of deals
and the value of deals.

Of our 128,900 transactions by U.S. acquirers, about 57.5% do not report
a deal value, resulting in an understatement of the value of all M&A activity.
We attempt to determine how likely it is that these missing values actually ex-
ist as information available to stockholders at the time of the acquisition. We
examine a random sample of 50 transactions with missing deal values. The ob-
servations are drawn from public U.S. firms that acquire a U.S. target with no
reported deal value. These acquisitions are likely those for which deal value
data might exist in news announcements or in the acquirer’s 10-K. No an-
nouncement from the LexisNexis database of the 50 news announcements con-
tains information about the value of the target. Nine of the 50 acquisitions have
no announcement at all on LexisNexis, while the remaining 41 transactions do
have an announcement with some wording regarding the non-disclosure of the
terms of the deal. We then check 37 deals announced after 1995 in order to ex-
amine the acquirer’s 10-K in the SEC’s EDGAR database. Of these 37 trans-
actions, only six 10-Ks contain information about the purchase price of the
target. The range in value of purchase price is $0.25 million to $13.8 million,
with the average being $3.8 million.

1.6 Summary of definitions and effects of data screens on samples
This section illustrates two important points about M&As. First, there is great
imprecision in what is meant by the term “mergers and acquisitions.” Most
transactions that would commonly be recognized as an acquisition are clas-
sified as an asset sale by SDC. This distinction is misleading chiefly because
there is no good way to tell whether or not labor contracts are involved, thereby
making the terminology confusing and perhaps misleading. Second, studies
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of M&As exclude a significant amount of transactions that can be reasonably
classified as a merger or acquisition. For example, about half of all SDC M&As
have one of the following characteristics that make inclusion in a typical aca-
demic study unlikely: The acquirer is foreign, the target does not have a re-
ported deal value, or the acquirer and/or target does not have an available stock
price. Thus, some conclusions drawn from such samples can be misleading
because there is valuable information in the mere occurrence of a transaction
in addressing issues like the persistence and cyclicality of M&As, and to this
point we now turn.

2. Merger Clustering and Waves

A recurring theme in the research on M&As is that these transactions tend
to occur in waves that cluster by industry (e.g.,Mitchell and Mulherin 1996;
Andrade, Mitchell, and Stafford 2001; Harford 2005). These researchers
present evidence that exogenous events, especially regulatory or technology
shocks, cause actors in the firms’ nexus of contracts to reassess the bound-
aries of the firms and that restructuring occurs in clusters of firms in the same
industry. This clustering is consistent with shocks impacting similar firms sim-
ilarly. Waves can also occur across industries if the shocks affect the more
general economic environment of the firms. In general, clustering or waves of
M&A transactions can occur from changes in any of the control forces op-
erating on a firm. Using the taxonomy ofJensen(1993), these control forces
include changes in product and factor markets; changes in the legal, political,
or regulatory system; changes in capital markets; or changes in the operation
or regulation of internal governance. Changes in any one or more of these fac-
tors may affect the overall costs or benefits of mergers for a group of firms that
may or may not be in the same industry, resulting in an increase or decrease in
M&A activity.

An increase in M&A activity is often called either a “merger wave” or
“merger clustering” in the literature. In general, the term “wave” is more often
used to describe both aggregate and industry waves, while “cluster” is used
for mergers concentrated in an industry. We use the terms interchangeably,
though our focus is on clustering that occurs within industries using the 48
Fama-French industry groups.

Prior studies of merger waves (e.g.,Mitchell and Mulherin 1996; and
Harford 2005) focus primarily on M&As by publicly traded firms. The ev-
idence presented here does not dispute their evidence that mergers cluster
in the samples they study. However, when we broaden the sample of M&A
transactions to include those made by firms that are not publicly traded on
the NYSE or NASDAQ and deals with values not reported, the evidence for
merger waves is significantly attenuated. The clustering of mergers appears
to be driven largely by the clustering of acquisitions by publicly traded
firms.
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Figure 1
Mergers and acquisitions over time by acquirer status (U.S. acquirers)
These figures show, for each month between December 1993 and December 2009, the percentage of the total
number of mergers between 1991 and 2009 that occurred in the previous 24 months for selected industries.
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2.1 Graphical illustration of waves for public and private firms
Figure1 provides visual evidence of this finding. The figure shows the time-
series plot of merger clusters for four selected industries (transportation,
consumer goods, recreation, and steel) for every month between
December 1993 and December 2009. The time series is obtained by sum-
ming, for each month and industry, the total number of mergers in the pre-
vious 24 months and then dividing that sum by the total number of mergers
over the entire sample period of 1992 through 2009. The four charts in
Figure1 illustrate that within each industry, acquisition activity by public firms
shows a distinct wave-like pattern. We report three trend lines in each graph.
The dotted line indicates the wave pattern for U.S. acquirers on CRSP. The
bold line indicates the wave pattern for private U.S. acquirers. The thin line
is for the combined dataset— all U.S. public and private acquirers and all tar-
gets. The line for public U.S. acquirers shows the highest peaks and lowest
troughs. The trend line for private acquirers also shows a wave-like pattern but
not as extreme as the public acquirers. This pattern is repeated in the indus-
tries not illustrated here also. The combined dataset of all U.S. acquirers (the
thin line) shows the least wave-like pattern. The charts in Figure1 suggest that
the observed clustering of M&A activity appears to be driven by the acquisi-
tion activity of publicly traded firms more so than the activity of privately held
firms.

2.2 Numerical evidence on merger waves for public and private firms
In Tables6,7, and8, we provide evidence on the effects of sample selection on
measured waves. In Table6, we report the volatility of the time series of acqui-
sition activity for U.S. public acquirers (on CRSP), for U.S. private acquirers,
and for the combined sample of all U.S. acquiring firms. Volatility is measured
as the standard deviation of the time series of M&A activity for each sample.
The time series is constructed by summing, for each month and industry, the
total number of M&As in the previous 24 months. Across most industries, we
find that the volatility of acquisitions was significantly higher for public ac-
quirers than for private acquirers and also for all acquirers. For example, in
32 of 48 industry groups, the standard deviation of acquisition activity for the
sample of publicly traded acquirers is significantly higher than it is for the sam-
ple of private U.S. acquirers. In addition, the standard deviation of acquisition
activity for publicly traded U.S. acquirers as compared to all U.S. acquirers is
significantly higher in 43 of 48 industry groups.

The results in Table7 provide further empirical support of the impact of
sample selection on the identification of merger waves. We report, for each
industry group, the 24-month window that had the largest number of mergers.
We then test whether or not this cluster of mergers was likely to have occurred
by chance. This potential cluster of mergers would only represent a true clus-
ter or wave if the number of transactions exceeds some threshold of probable
occurrence.
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Table 6
Standard deviation of time series of acquisition activity by industry

This table shows the standard deviation of the time series of acquisitions for samples of U.S. M&As. The time
series is constructed by summing, for each month and industry, the total number of mergers and acquisitions
in the previous 24 months. The nomenclature in the first column is that defined by Ken French’s 48 Industry
Portfolios. ***, **, and * indicate that standard deviation in 2 or 3 is significantly lower than that in 1 at the 1%,
5%, and 10% levels, respectively.
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Table 8
Industry clustering of industries with the largest number of acquisitions from 1992 to 2009

This table presents the top ten Fama-French 48 industries for M&A clustering from 1992 to 2009. We define
acquisition activity by the frequency of acquisitions in Panel A and by value in Panel B. Clusters are measured
as the highest consecutive 24-month period of acquisition activity within the industry. The acquisition sample
on which the ranking is based is restricted to those transactions where both the acquirer and the target have
available announcement returns on CRSP and in which the acquirer is located in the United States (Columns
2–4). Columns 5–7 represent the same set of acquirers as Columns 2–4, but there is no restriction on the target.
In Panel A, Columns 4, 7, and 10 represent the total number of observations per industry for the entire 1992 to
2009 periods. In Panel B, Columns 4, 7, and 10 represent the total value of acquisitions, in billions of dollars,
per industry for the entire period.

To determine this threshold, we note that our sample period covers 216
months. We assume that there areN mergers in an industry over that sample
period and that the probability of any merger or acquisition occurring during
any particular month during our sample period is 1/216. We randomly assign a
merger to a month during that period and build a distribution (based on 1,000
simulations) of the largest 24-month cluster of mergers. Then, we define that a
merger wave exists if the number of transactions in a 24-month period exceeds
the 95th percentileof that distribution. Our calculation is based onHarford’s
(2005) methodology to identify merger waves.

In Table7, we apply this wave threshold to three different samples of merg-
ers: The first sample is restricted to acquisitions by publicly traded U.S.
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acquirers,the second consists of acquisitions by private U.S. acquirers, and
the third represents all U.S. acquirers. The difference in the number of waves
or clusters identified across the samples is very clear. In the sample of publicly
traded acquirers, 44 out of 48 of the industries are classified as having had a
merger wave at least once between 1992 and 2009. In the sample of private
acquirers, we find that only 21 of the 48 industry groups have a potentially
identifiable cluster. For the full sample of all acquisitions by public and pri-
vate acquirers, the number of industries with identified clusters is 31.7 Thus,
theseresults suggest that in many industries, any observed clustering of M&A
activity appears to be driven largely by the acquisition activity of publicly
traded acquirers.

The results reported in Table8 are similar. In Columns 1 through 4 of
Panel A, we report the ten industries with the largest cluster by frequency of
mergers within a 24-month window between 1992 and 2009 among public
U.S. acquirers and public targets. In Panel B, we show the ten industries with
the largest cluster by dollar value of mergers over the same period. We see that
the size and prominence of clusters diminish as we broaden our sample from
publicly traded acquirers and targets to include all U.S. acquirers and targets.8

For example, the defense industry is ranked third in its size of merger clus-
ter by frequency for U.S. public acquirers and public targets in Panel A. We
find that 50% of the mergers involving publicly traded acquirers in the defense
industry between 1992 and 2009 occurred within a single 24-month window.
However, when we extend our sample to include public acquirers and all pub-
lic and private targets, the busiest 24-month window only included 19% of
the mergers between 1992 and 2009. The size of this wave drops even further
(to 16%) when we extend our sample to include all U.S. M&As, whether the
acquirer or target is public or private. In fact, when we rank all the industries
by the size of their merger clusters, the defense industry drops from being third
in the sample restricted to publicly traded U.S. acquirers to 38th overall when
we consider all U.S targets and acquisitions. We see a similar pattern for most
of the industries reported in Column 1.

2.3 Summary of evidence on waves and implications for research
Our evidence is consistent with earlier results that mergers cluster and occur
in waves when we consider just publicly traded acquirers. However, the results
differ when we use the larger sample including private acquirers. In the more
complete sample, M&As are more evenly spread through time, indicating that

7 Theproportions for public and private acquirers (44 out of 48, and 21 out of 48) are significantly different from
each other, with a significance level of less than 1%.

8 Andradeand Stafford (2004) find a similar pattern in their examination of clustering of internal investment
and mergers. They show that internal investment does not exhibit the same clustering pattern as that found in
mergers. While our studies do not strictly overlap, they both show that firm-level investment is sensitive to the
definition of an investment.
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the acquisition behavior of private firms appears to differ significantly from
that of publicly traded firms.

The public versus private distinction is one dimension on which sample se-
lection issues can arise. However, private versus public is correlated with other
considerations such as whether the deal is reported, the size of the deal, and
the method of payment. If a researcher restricts her sample to acquisitions by
publicly traded firms, she is likely to overestimate the presence of waves, but
we cannot say from our evidence whether the public versus private split is
the driver of the differences in the presence of waves or whether it is another
factor correlated with the public versus private distinction. Note, for example,
if the researcher excludes deals with no reported deal values, or those with a
deal value of $1m or less, the researcher ends up dropping 72% of all acquisi-
tions by private firms but only 48% of acquisitions by public firms. Thus, the
researcher inadvertently creates a sample that is heavily biased toward acquisi-
tions by public firms. If the “wave-like” nature of mergers within industries is
exaggerated in acquisitions by public firms, excluding firms based on the deal
value could also inadvertently exaggerate merger waves.

The differences in clustering of mergers between public and private firms
may reflect differences in the costs of restructuring for these two groups of
firms. Firms are constantly experimenting with new organizational structures.
While easily identifiable large exogenous shocks in regulation and technology
contribute to merger waves, the boundaries of the firm are constantly shift-
ing due to many other factors. Investing in M&As is another way to create
value for the firm similar to capital investments, R&D expenditures, or other
investments. This is especially true if M&A transactions are relatively cheap
to undertake, which is probably the case for smaller mergers and asset sales.
However, the cost of restructuring in response to changes in the operating en-
vironment appears to be much larger for publicly traded firms as compared to
private firms, perhaps due to the size of the transactions, organizational inertia,
stakeholder entrenchment, or regulatory constraints. Thus, any wave in merg-
ers among publicly traded firms may require a bigger regulatory or technol-
ogy shock, while smaller firms may combine and recombine more easily and
seamlessly.

In addition, a critical element in the difference in wave behavior between
public and private acquirers may be that public firms have a readily observed
market value and their shares are traded on the liquid markets of the NYSE
or NASDAQ.Shleifer and Vishny(2003), in their paper “Stock Market-driven
Acquisitions,” argue that acquisitions may reflect market misvaluations of the
combined values of bidding and acquiring firms.

Maksimovic, Phillips, and Yang(2010), using proprietary plant-level data,
also look at merger waves, although their data are limited to manufacturing
firms and the extent to which they acquire manufacturing plants. They use
plant-level data for 40,000 firms for 1977 to 2004 and find that public man-
ufacturing firms in general are more likely to participate in waves of plant
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acquisitionsthan private firms. While their definition of an acquisition differs
from ours, since we would classify most plant acquisitions as asset sales and
they restrict themselves to manufacturing firms, their findings support the im-
portance of considering the full sample of firms in determining the prevalence
of merger waves. They also examine the differences in the characteristics of
private and public firms and draw implications for M&A activity among public
and private firms.

2.4 Daily clustering of mergers and acquisitions
We also consider daily clustering of M&As and the impact of the sample ana-
lyzed on measures of daily clustering. As we increase the scope of the acquisi-
tions analyzed, daily clustering becomes more distinct, as reported in Table9.
This table reports the acquisition rates by the most and least active days of
the calendar year and also reports the mean and median length of the number
of days it takes to complete a deal. Panels A through D examine all announce-
ment days (Panels A and C) and effective days (Panels B and D) by most active
(Panels A and B) and least active (Panels C and D) days of the year.

A comparison of Panels A and B, and C and D, in Table9 reveals that
deals tend to be announced and become effective at the beginning or end of
a quarter. The Christmas season and Thanksgiving are the least popular times
to announce or complete a deal. The clustering of acquisition announcements
and effective dates around quarter-start and quarter-end dates suggests that the
timing of acquisitions is influenced by quarterly reporting periods. For exam-
ple, in Panel B we observe that the two most frequent effective dates are De-
cember 31 and June 30, with 5,130 and 3,456 transactions becoming effective
on these dates, respectively. The unconditional number of transactions that we
should expect to become effective on these dates from our sample of firms is
353.2 (128,900 firms divided by 365 days). Further, most of the deals com-
pleted on these two dates have a period of more than a week between the
announcement and effective date of the takeover, which is indicative of the
parties having some discretion regarding when the deal is to close.

In Panel E of Table9, we accumulate the observations across the four quarter-
ends (March 31, June 30, September 30, and December 31) and quarter-
beginnings (January 1, April 1, July 1, and October 1) for all acquirers and
for U.S. CRSP acquirers. The reported percentages in Columns 2 and 3 are the
number of takeovers on these particular dates compared to all takeovers. The
unconditional probability for an acquisition announcement or effective date is
1.096%, or 4/365. Thus, we see that there are a larger percentage (over twice
as many) of deals announced at the end and the beginning of a quarter for both
the full sample and U.S. CRSP acquirers. The effective dates are even more
striking, with over three times as many deals going effective at the end or the
beginning of a quarter for all firms and U.S. CRSP acquirers than would occur
randomly.

2341

 at U
niversity of G

eorgia Libraries on July 27, 2011
rfs.oxfordjournals.org

D
ow

nloaded from
 

http://rfs.oxfordjournals.org/


TheReview of Financial Studies / v 24 n 7 2011

Table 9
Acquisition rates by day of the year from 1992 to 2009

(2) (4)
Number of (3) Mean # of (5)

(1) observations % that are days to Median # of days
Day of the year per day public deals completion tocompletion

Panel A. Five most frequent announcement dates
July 1 2,194 3.4% 24 0
January 1 2,189 1.2% 50 0
June 30 2,112 4.1% 25 0
March 31 1,955 5.2% 25 0
December 31 1,902 2.7% 17 0

Panel B. Five most frequent effective dates
December 31 5,130 6.2% 122 51
June 30 3,456 6.2% 66 7
March 31 3,286 5.4% 57 13
October 1 3,164 7.7% 59 7
July 1 3,163 5.8% 48 0

Panel C. Five least frequent announcement dates
December 25 116 8.6% 48 15
December 26 318 6.3% 52 0
February 29 344 5.2% 26 0
December 27 448 6.7% 39 0
December 24 451 7.1% 49 0

Panel D. Five least frequent effective dates
December 25 98 8.5% 59 4
December 26 254 5.0% 38 0
December 24 399 8.1% 41 0
December 27 404 9.7% 37 0
February 29 491 5.7% 52 2

Panel E. Clustering around quarter beginnings andends
(1) (2) (3)

Four quarter-ends Four quarter-beginnings

Announcementdate
All firms 2.413% 2.557%
U.S. CRSP firms 1.912% 1.923%

Effective date
All firms 4.626% 3.895%
U.S. CRSP firms 4.131% 3.322%

This table shows the acquisition activity of the most and least active days of the calendar year for all completed
M&As reported by SDC in which the acquirer owned less than 50% of the target prior to the purchase and
acquired 50% or more of the target. Panels A through C examine all announcement days, and Panels B and D
examine effective days by most active (Panels A and B) and least active (Panels C and D) days of the year. In
Column 3, Panels A through D show the number of takeovers in which the target is a public firm scaled by the
total number of takeovers for that particular day of the year. Days to completion, shown in Columns 4 and 5,
are the number of days between the announcement and effective dates. The mean (median) time to completion
for the entire sample is 36.7 (0) days. In Panel E, only the four quarter-ends (March 31, June 30, September 30,
and December 31) and quarter-beginnings (January 1, April 1, July 1, and October 1) are analyzed. The reported
percentages in Columns 2 and 3 are the number of takeovers on these particular dates scaled by all takeovers.
The unconditional probability for an acquisition announcement or effective date is 1.096% or 4/365.

2.5 Clustering of mergers and acquisitions and IPO waves
Recent studies (e.g.,Celikyurt, Sevilir, and Shivdasani 2010;Hovakimian and
Hutton 2010; Rau and Stouraitis 2010) suggest that IPO and merger waves,
to the extent that they occur, are strongly correlated. Since we have found
that a larger sample impacts the magnitude of the wave pattern in M&As, we
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Table 10
Correlations between monthly frequencies of acquisitions and IPO listings from 1992 to 2009

(2) (3)
(1) IPO listings Lagged IPOlistings

U.S.acquirers & all targets
Correlation coefficients 0.081 0.152**
Number of acquisitions 128,900 128,900
Number of listings 6,163 6,455

U.S. CRSP acquirers & all targets
Correlation coefficients 0.509*** 0.584***
Number of acquisitions 67,301 67,301
Number of listings 6,163 6,455

U.S. CRSP acquirers & U.S. CRSP targets
Correlation coefficients 0.474*** 0.567***
Number of acquisitions 3,931 3,931
Number of listings 6,163 6,455

Number of months 216 216

This table presents Pearson correlation coefficients for the relation between monthly acquisition frequen-
cies and IPO listing frequencies. IPO listing frequencies are from Jay Ritter’s website: http://bear.cba.ufl.edu
/ritter/ipoisr.htm. In Column 2, the month of the IPO frequencies is matched to the month of the acquisition
frequencies, as defined by the acquisition announcement date. In Column 3, we match the month of the acquisi-
tion frequency to the IPO frequencies of the previous year. For example, acquisitions occurring in March 2002
are matched to IPO listings in March 2001. U.S. CRSP acquirers & U.S. CRSP targets are those acquirers and
targets that are both located in the United States, according to SDC, and that have announcement-day returns
available on CRSP. *** represents significance at the 1% level.

alsoexamine the effect of sample selection on the relation between mergers
and IPOs. Table10reports the correlation between the monthly frequencies of
acquisitions and IPO listings. In Column 2, we match the frequency of M&A
transaction announcements in a month to the frequency of IPO listings in the
same month. In Column 3, we match the acquisition frequency for a month to
the IPO frequency of the same month in the previous year. For example, we
match acquisitions announced in March 2002 to IPO listings in March 2001.

The results in Table10also show that any inference on the presence (or mag-
nitude) of the correlation between IPO and acquisition activity depends on the
breadth of the M&A sample. We find that if we use a sample of M&As by all
U.S. acquirers, there is no significant contemporaneous correlation
between IPO and acquisition activity. However, we find a strong contempora-
neous correlation (0.509) if we limit the sample to just publicly traded acquir-
ers. Similarly, when we examine the correlation between current acquisition
activity and lagged (by one year) IPO activity, our inference depends on the
breadth of the sample. For example, if we examine acquisitions by publicly
traded U.S. acquirers, the correlation between acquisition activity and lagged
IPO activity is 0.584; the correlation drops to 0.152 if we extend the sample to
all U.S. acquirers.

3. Analysis of Abnormal Returns

In this section, we examine more closely acquirer and target three-day an-
nouncement CARs for as comprehensive a sample as we can generate from
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1992 through 2009. While there are a multitude of studies of acquirer and
target returns and their relation with different deal, target, and acquirer char-
acteristics (e.g.,Bruner 2004cites more than 80 and there have been many
studies since 2004), we document for a large, up-to-date sample some details
on returns around M&A announcements, including the relation between the
method of payment and returns.

3.1 Returns to acquirers and targets and method of payment over time
Table11 presents the time series of three-day CARs for U.S. acquirers (Col-
umn 2) and targets (Column 4) for each year from 1992 to 2009. In addition,
we present information about the proportion of acquisitions that are for public
targets (Column 6), financed mostly with cash (Column 7), the standard devi-
ation of acquirer CARs (Column 8), and the percentage of acquirer CARs that
are negative (Column 9). The firms examined in this table are U.S. acquirers
and targets with price and returns data available on CRSP.

Table 11
Deal characteristics by year

(6) (7) (8) (9)
(3) (5) % of acq. % of acq. Standard % of acq.

(2) Number (4) Number that have paid with deviation CARs that
(1) Acquirer of acq. Target of target public mostly of acq. are
Year CAR CARs CAR CARs targets cash CAR negative

1992 1.8% 2,581 18.2% 125 7.2% 35.6% 0.088 42.1%
1993 1.8% 3,159 20.6% 152 7.1% 41.7% 0.081 43.5%
1994 1.2% 3,833 18.9% 228 8.4% 42.0% 0.078 44.4%
1995 1.1% 4,147 18.0% 283 9.2% 41.7% 0.075 46.3%
1996 1.4% 5,045 16.5% 312 8.5% 41.1% 0.080 44.5%
1997 1.3% 6,243 13.8% 410 8.7% 42.8% 0.096 46.1%
1998 1.0% 6,621 18.0% 410 8.8% 45.9% 0.108 49.7%
1999 1.2% 5,337 20.7% 391 9.8% 43.0% 0.116 48.5%
2000 0.6% 4,297 21.7% 318 10.2% 39.1% 0.105 48.6%
2001 1.1% 3,068 26.1% 263 11.7% 49.0% 0.099 45.4%
2002 0.9% 2,745 30.7% 144 8.7% 63.2% 0.081 43.5%
2003 0.8% 2,741 22.7% 165 8.6% 64.5% 0.078 47.5%
2004 0.7% 3,140 17.9% 167 7.9% 68.8% 0.085 46.3%
2005 0.6% 3,423 18.8% 153 6.9% 71.9% 0.051 45.9%
2006 0.6% 3,397 20.2% 168 7.6% 74.8% 0.079 46.9%
2007 0.6% 3,251 24.3% 162 7.6% 74.8% 0.103 49.0%
2008 0.6% 2,528 33.2% 106 5.9% 75.2% 0.076 45.5%
2009 1.0% 1,745 31.6% 91 7.7% 71.0% 0.078 46.5%

This table presents deal characteristics for all completed mergers and acquisitions reported by SDC in which the
acquirer owned less than 50% prior to the purchase and acquired 50% or more of the target and the nationality
of the acquirer is the U.S. The announcement date of the transaction must be between 1992 and 2009. Acquirers
in this sample must be a U.S. firm with a market value on CRSP five days prior to the acquisition announcement.
The mean 3-day cumulative abnormal returns (CAR) in which day zero is the takeover announcement day are
presented for the acquirer and the target in Columns 2 and 4, respectively. The number of observations for
the CARs are in Columns 3 and 5. Column 6 represents the percentage of all acquisitions in that row that are
classified as public by SDC. Column 7 shows the percentage of deals in that row for which method of payment
data is available and in which the method of payment is comprised of at least 50% cash. Column 8 presents the
standard deviation of acquirer CARs, and Column (9) presents the percentage of acquirer returns that are less
than zero. All CARs in this table are significant at the 1% level.
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Figure 2
Time-series changes in acquirer CARs and percentage of transactions financed with mostly cash
This figure shows the yearly movement in acquirer CARs and the upward movement in percentage of transac-
tions financed with mostly cash from 1992 to 2009. The data used for this figure are in Columns 2 and 7 of
Table6. The sample is U.S. acquirers with stock price data available on CRSP, a total of 67,301 observations.
Complete definitions are found in the notes of Table6.

The results reported in Table11 show that the average CARs for acquirers,
and to a lesser extent targets, change considerably over time. Most dramati-
cally, there is a downward trend in acquirer CARs (Column 2) that ends up in
a threefold drop from a high of 1.8% in 1992 and 1993 to a low of 0.6% in
2000 and 2005–2008. Figure2 illustrates this decline in acquirer CARs over
the sample period. If we lessen the impact of outliers (not shown), we find the
same relatively large pattern ending in a threefold drop in acquirer CARs from
a high of 1.5% in 1993 to a low of 0.4% in 2007. If we examine acquirer CARs
in transactions in which the target also has price data on CRSP (not shown),
the time trend is not as distinct.

Although acquirer CARs appear to be monotonically decreasing during the
period of our study, there is no year in which the percentage of acquirer CARs
that are negative exceeds 50%. The highest percentage of acquirer CARs with
negative returns (found in Column 9) is 49.7% in 1998, and the lowest is 42.1%
in 1992. Thus, acquirer CARs are, in every year, mostly positive.

The pattern in target returns is less obvious. First, note the relatively small
number of deals with target returns on CRSP. This percentage of deals with
acquirer returns on CRSP ranges over the years from 5.9% to 11.7%. Second,
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thereis no general trend in target returns, with returns varying up and down
throughout the period.

Figure 2 and Table11 also illustrate the large increase over time in the
number of transactions paid for with mostly cash (we define this as at least
50% cash in the method of payment). The lowest proportion of deals paid for
with 50% or more cash is 35.6%, found in 1992, and the highest proportion
is 75.2% in 2008. This substantial increase in cash-financed transactions is
almost monotonic and is not greatly influenced by the effect of outliers.

3.2 Aggregate method of payment, deal size, and deal values statistics
Table12presents descriptive information for acquirer and deal values, changes
in values, and the relation between the method of payment and change in val-

Table 12
U.S. Acquirers on CRSP from 1992 to 2009

(4)
(2) (3) Number of

(1) Mean Median observations

Panel A. Acquirer and deal value
Acquirer value $12,848 $906 67,265
Deal value $341 $35 35,574
Relative deal size 23.5%̧ 5.5%̧ 35,574

Panel B. Changes in acquirer and deal value
Acquirer CAR 1.1%*** 0.3%*** 67,256
Acquirer dollar gain ($mil) −$4.8 $0.8*** 67,256
Target CAR 20.4%*** 16.0%*** 4,047
Acquirer large losses

Acquirer CAR −4.9%*** −3.1%*** 1,916
Target CAR 20.6%*** 17.4%*** 275
Relative deal size 8.5%̧ 0.3%̧ 922

Acquirer large gains
Acquirer CAR 5.3%*** 3.3%*** 1,898
Target CAR 26.8%*** 22.4%*** 164
Relative deal size 4.5%̧ 0.3%̧ 901

Panel C. Influence of method of payment on acquier value
(4) (5)

All other Deals w/no
(2) (3) payment payment

(1) Mostly stock Mostly cash methods information

CRSPtarget −2.1%*** 0.2% −0.3% 0.7%
[2,276] [1,330] [231] [209]

Target is not on CRSP 2.9%*** 1.5%*** 2.2%*** 0.8%***
[6,316] [11,408] [2,999] [42,487]

Thistable considers U.S. acquirers with a market value on CRSP five days prior to the acquisition announcement.
Acquirer value is the product of outstanding shares and share price on CRSP five days prior to the acquisition
announcement. Deal value is the SDC deal value. Relative deal size is deal value divided by acquirer value.
Acquirer dollar gain is the product of CAR and acquirer value. Acquirer large losses (gains) include those
transactions in which the dollar loss (gain) to the acquirer is less than (greater than) or equal to $1 billion.
Mostly stock (cash) is transactions in which the method of payment is 50% or greater stock (cash). In Panel C,
mean CARs are reported and the number of observations is in brackets. Dollars are in millions and are adjusted
by the CPI to 2010 dollars.*, **, and *** represent significance at the 10%, 5%, and 1% levels, respectively.
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ues.The data are for transactions in which stock price information about the
acquirer is available on CRSP. Panel A contains means and medians for deal
value and the size of the acquirer. We report the median and mean value of the
acquirer (measured as the product of the acquirer’s price and shares outstand-
ing five days prior to the acquisition announcement), deal value, and the ratio of
the deal value to the acquirer market value–relative deal size. Panel A shows
that when the acquirer is on CRSP and there is an available deal value, the
acquirer is, on average, five times larger than the price paid for the transaction—
the mean relative deal size is 23.5%. Further, in the median transaction, the
acquirer is almost 20 times the value of the deal—the median relative size is
5.5%. For comparison of the impact of data screens, these means and
medians are much smaller than the average 33.4% and median 11.9% in
Moeller, Schlingemann, and Stulz(2004), who exclude only transactions in
which the target deal value is less than $1 million.

Panel A of Table12 confirms that the conventional wisdom, which im-
plies that most M&As are large transactions, is misleading. If we consider
that almost half of all transactions in this panel (31,691 out of 67,265) do not
have an available deal value and are therefore likely very small, we can con-
clude that most acquisitions done by CRSP firms are probably less than 5% of
the acquirer’s value.

Panel B of Table12reports changes in the value of the acquirer and target in
the three days surrounding the announcement date for transactions in which the
acquirer is a U.S. firm with CRSP data. We examine acquirer and target CARs,
the dollar gain to the acquirer, and details about transactions in which the ac-
quirer gains or loses $1 billion or more (Moeller, Schlingemann, and Stulz
2005). For the 67,256 deals represented in this panel, the average acquisition
represents a statistically significant 1.1% gain to the acquirer.9 The average
dollar gain (−$4.8 million) is not different from zero, though the median dol-
lar gain to the acquirer is a statistically significant $0.8 million. Further, for the
4,047 publicly traded targets, target shareholders experience significant gains
of 20.6% in the three days around the announcement, which is similar to the
21.7% target returns found byBauguess, Moeller, Schlingemann, and Zutter
(2009) for transactions from 1996 to 2005.

In Table A3, we follow 9,633 unique acquirers (with both an acquisition
and a three-day return in CRSP) and compile the returns from its acquisitions,
divestitures, and becoming a target itself. We combine the returns to all of
these activities per firm, getting the sum of acquisition activity for each firm.
Approximately 45% of the acquiring firms also undertake at least one divesti-
ture, and 3,312 of the 9,633 become targets. We sum all activity per firm and
average these sums and find that the average return from acquisition activity

9 Thereare nine transactions in which the acquirer has a market value five days prior to the announcement, but no
announcement returns.
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(beingan acquirer, spinning off subsidiaries, and being a target) is 16.3%, and
the median is 8.7%. Thus, the sum of all acquisition-related activity is value
increasing for individual firms.

We also document acquirer returns, target returns, and the relative deal size
of big gainers and losers in Panel B. We show that there are 1,916 acquisitions
in which the acquirer loses more than $1 billion in the three days around the
acquisition announcement. There are a similar number of acquirers that gain
big: 1,898 acquirers gain more than $1 billion.Moeller, Schlingemann, and
Stulz (2004) in their study of large deals report similar statistics, though the
subsequent literature has focused largely on the losers. The similar number
of deals in which the acquirer gains, as opposed to loses, is consistent with
the belief that transactions with large absolute acquirer value changes are on
average zero NPV projects for acquirers.

There are three additional findings of interest from these extreme-dollar-
changing acquisitions. First, in big-gainer deals the targets are, on average,
about half the relative size of the big-loser targets. Second, there are 40% fewer
publicly traded targets in big-gainer deals than in big-loser deals, as indicated
by the difference in target returns—there are 275 and 164 target returns for big-
loser and big-gainer deals, respectively. Third, of the publicly traded targets in
each type of deal, the targets of the big-gainer acquirers earn 6% more than the
targets of the big-loser acquirers (26.8% vs. 20.6%).

In Panel C of Table12, we present mean acquirer CARs based on method
of payment (mostly cash, mostly stock, all other payment methods, and no
payment information available) in columns and target public status (the tar-
get is on CRSP or not) in rows. This panel presents one of the single most
perplexing statistics in bidder returns (as first documented byChang 1998):
Deals financed with stock provide both the highest and lowest bidder returns.
In the 2,276 deals in which the target is on CRSP (and is therefore publicly
traded), stock deals are associated with−2.1% returns. In the 6,316 deals in
which the target is not public, stock deals are associated with 2.9% returns.
This panel also provides further evidence that small, less significant acquisi-
tions (Rodrigues and Stegemoller 2007) are material to the market. For the
42,457 transactions in which there is no method of payment detail, which is
usually associated with no deal value information, there is an improvement in
the value of the acquirer by a statistically significant 0.8%. Thus, the transac-
tions that are immaterial for reporting reasons nevertheless on average create
wealth for the acquirer’s shareholders.

Figure3 shows further detail on acquirer returns around M&As and their
relation with the method of payment. We examine 24,560 acquisitions by U.S.
acquirers on CRSP for which there is an available method of payment repor-
ted in the SDC database. From these transactions we form acquirer
abnormal return deciles from the lowest (decile 1) to the highest (decile 10)
abnormal returns. We then determine the percentage of transactions in each
decile financed with mostly stock (seen as black in the figure), mostly cash
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Figure 3
Method of payment for acquirer abnormal return deciles
In this figure we show the relation between method of payment and acquirer abnormal returns for 24,560 deals
by U.S. acquirers with return data on CRSP and available method of payment information on SDC. Within
each return decile we show the percentage of deals financed with a particular method of payment. We classify a
transaction as mostly cash or stock if the percentage of the method of payment is more than 50% cash or stock,
respectively. We classify the method of payment as other if there is payment data on SDC and neither cash nor
stock is greater than 50% of the payment method.

(white), and all other methods of payments that are not mostly stock or cash
(gray).10

Figure3 illustrates three important points about the relation between method
of payment and acquirer abnormal announcement returns. One, the smallest
percentage of deals financed with mostly cash is found in the top (41%) and
bottom (34%) deciles, while the largest percentage is found in the middle
deciles. Two, the opposite pattern is seen in the relation between stock as a
payment method and acquirer abnormal returns: The percentage of deals fi-
nanced with mostly stock is largest in the top (44%) and bottom (53%) deciles
and is smallest in the middle deciles. Three, the relation between method of
payment and acquirer returns is not linear, although most studies model the
relation as if it were linear.11

10 The “Other” category includes payment methods such as bonds, preferred stock, earnouts, asset swaps, etc.

11 We also examine, but do not tabulate, the highest and lowest 500 CARs from our data. Deals financed with
mostly cash represent 29.2% of the 500 transactions with the highest CARs, and mostly stock-financed deals
represent 55.6% of the 500 highest. A similar proportion exists for the worst 500 returns. Deals financed with
mostly cash represent 29.8% of the 500 transactions with the worst CARs, and mostly stock-financed deals
represent 59.6% of the 500 deals with the worst returns.
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Table 13
Acquisition activity by acquirer and deal size from 1992 to 2009 for U.S. acquirers on CRSP

(2) (3) (4)
Small Medium Large

(1) Acquirer Acquirer Acquirer

SmallTarget
CAR 3.7%*** 0.8%*** 0.2%***
Sum of deal values ($mil) $78,585 $310,648 $273,938
Median relative size 18.3% 5.5% 0.8%
Number of observations 10,197 22,089 24,373
Number of obs. in which targets have no deal value 4,382 10,493 16,827

Medium Target
CAR 10.0%*** 2.4%*** 0.5%***
Sum of deal values ($mil) $34,112 $592,252 $2,064,307
Median relative size 274% 45.5% 5.1%
Number of observations 175 2,422 6,248

Large Target
CAR −5.9% 7.5%** −1.0%***
Sumof deal values ($mil) $9,644 $186,018 $8,567,334
Median relative size 2,973% 258% 26.8%
Number of observations 5 103 1,689

This table presents the level of acquisition activity by the size of the target (in rows) and the acquirer (in
columns). Acquirer size is the product of the number of shares outstanding and acquirer stock price five days
prior to the acquisition announcement. Target size is the deal value available in SDC. All dollar amounts, in-
cluding the size measures, are adjusted to 2010 dollars. Small is any value less than $100 million (including
missing values). Medium is any value between $100 million and less than $1 billion. Large is $1 billion or more.
Acquisition activity is measured three ways: (1) by the sum of all deal values; (2) by the sum of all relative size
values, in which relative size is target size scaled by acquirer size; and (3) by the number of transactions. ** and
*** represent significance at the 10% and 5% levels, respectively.

We examine the interaction of acquirer and target size on the returns to ac-
quirers in Table13. This table presents the level of acquisitions activity by the
size of the target (in rows) and the acquirer (in columns). We define “small”
acquirers or targets as those with a deal value less than $100 million (includ-
ing missing deal values), “medium” is between $100 million and less than $1
billion, and “large” is $1 billion or more. Acquisition activity is measured in
three ways: (1) by the sum of all deal values; (2) by the sum of all relative size
values, in which relative size is deal value scaled by acquirer size; and (3) by
the number of transactions.

One result stands out in our analyses of acquirer returns related to the rela-
tive deal size. The only case where the acquirer returns are significantly neg-
ative is for large acquirers buying large targets. The abnormal return for these
deals is a significant−1.0%. No other pair of acquirers and targets classified by
size quadrant has significantly negative returns. Of the nine relative size quad-
rants, seven have significantly positive returns.12 Thus,the finding of negative
returns to acquirers is concentrated in deals with large firms buying other large

12 Small acquirers acquiring large targets also have a negative mean return, but the return is insignificant at con-
ventional significance levels.
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firms, but in other cases the average returns to the acquirer are generally pos-
itive. This result could be consistent with the idea that machismo is present
when managers of big firms compete for corporate control.

3.3 Summary of analyses of returns in mergers and acquisitions
This section provides data on the return, as well as the method of payment
characteristics for M&As. We employ as large a sample as we can compile
from the SDC database from 1992 to 2009. The larger sample we use con-
tains deals that are smaller and more positive than what is usually found in
studies of M&As. Again, we show that much of what is commonly referred
to as M&As (often public firms buying other public firms) understates the
extent of M&As. Most deals by CRSP firms are not, by any relative mea-
sure, large. Second, there is a threefold decrease in the abnormal returns to
acquirers from 1992 to 2008, and there is not an obvious reason as to why.
Third, unlike acquirer returns, target returns present no discernable pattern,
although they are by no means stable over time, with an annual average be-
tween 18% and 33%. Fourth, most acquisitions by firms with price data on
CRSP exhibit positive abnormal acquirer returns, and the only category of
these transactions with significantly negative returns is large firms buying other
large firms.

Finally, there are two especially interesting observations from our results
about the method of payment: the large increase over time in cash-financed
transactions and the preponderance of deals with positive returns to acquirer
deals financed with mostly stock. We find that during our sample period, there
is a doubling in the percentage of deals paid for with mostly cash—from 36%
in 1992 to 71% in 2009. We do not, however, provide a rationale for this
dramatic increase in cash deals. Also, stock-financed deals are present in a
greater proportion than are cash-financed deals in the top decile of the three-
day CAR for the acquirer (44% stock vs. 41% cash), and the overall relation
of stock-financing and acquirer abnormal returns is not linear. These results
are inconsistent with the view that stock deals are associated with negative
acquirer stock returns.

4. Conclusion

Much of the research in M&As includes only those deals in which there are a
significant amount of data available on the acquirer and the target. However,
the exclusion of other deals has the effect of making much of this research un-
intentionally misleading, implying that most mergers are between large firms
with publicly available prices. In fact, a significant portion of M&A transac-
tions does not fit that category. Thus, many M&A papers analyze less than
5% of the acquisitions made by domestic acquirers. We study a substantially
larger sample of M&As than those found in previous studies, including many
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dealsthat are usually screened out. For example, we include deals with tar-
gets with a small or unreported deal value and acquirers for which there are no
available price data. These deals often but not always involve private acquir-
ers. The larger sample allows us to provide complete new information about
the characteristics of M&As in general. Further, we provide evidence that some
conclusions about M&As from more restrictive samples do not hold for M&As
in broader samples.

Theoretically, the absence of data in transactions involving smaller or pri-
vate firms may lead to defining M&As too strictly. Mergers and acquisitions are
imprecise terms in the same way that the term football player is imprecise—
not all football players belong to a professional, collegiate, or high school
team and, even for those in those groups, a football player may mean differ-
ent things. The terms mergers and acquisitions encompass a wide variety of
transactions with different structures that have varying effects on participants
in the transactions. Here we use the term mergers and acquisitions for all trans-
actions where the control rights to an asset (broadly defined to include the pur-
chase of an existing business, one of its divisions, or the assets or some of the
assets of a business) are transferred in some way.13 Mergers and asset sales rep-
resent the extremes of the transactions we analyze. In a merger, the transaction
forms a significantly different firm from two distinct firms, and it is not always
clear to the casual observer who is doing the acquiring. At the other extreme,
an asset sale consists of an obvious acquirer and target, and the relative size of
the target is small enough that the acquirer is largely unchanged. Though it is
sometimes the case that asset sales are comprised of only assets, this nominal
designation is not accurate in many cases.14 We therefore include in our sam-
ple many transactions that we suggest are M&As but do not generally appear
in empirical studies.

Our broader dataset reveals several important findings both on the extent of
M&As, as well as the characteristics of M&As. We find that deal characteris-
tics such as size of deals, number of deals, and the importance of non-publicly
owned firms and cross-border acquisitions are very different from that in much
of the extant literature. However, we also show that large deals do make up a
significant portion of reported deal values. For example, in the U.S. over our
time period, U.S. deals of over $1 billion make up only 2.0% of the transactions
but 70.8% of the reported deal value.

13 This use of a broad definition of M&A is similar to those works that use the term takeover to describe M&A
broadly. For example,Jarrell, Brickley, and Netter(1988) in their M&A review article use the term takeover
to refer to a transaction that is in the market for corporate control, or in “market for the right to control the
management of corporate resources.”

14 For example, Cisco’s acquisition of IronPort Systems in January 2007 is classified by SDC as an “Acquisition
of Assets.” However, in the news releases surrounding the announcement, IronPort Systems is said to remain a
somewhat independent unit of Cisco and retain the majority of its 408 employees.
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Someof our evidence contrasts with previous findings developed using less
inclusive samples of M&As. One significant result in our study is that the pat-
terns of merger waves found in earlier research is very much attenuated in
our sample, which includes many more transactions. Research demonstrates
the existence of merger waves in samples composed mainly of public acquir-
ers and large deals. We include private acquirers and small deals, which are
disproportionately screened out of most studies of waves in M&As. However,
including private acquirers and small deals in the sample significantly smooths
out the pattern of M&A activity over time. This result holds for M&A activity
in general and within industries. There does seem to be, however, daily cluster-
ing of deals, especially at the end and start of quarters. Finally, the correlation
of M&A activity with IPO activity is much less in the full sample than others
have found in more restrictive samples.

We also find that, for the aggregate market, M&A activity increases over-
all wealth, and that acquirers gain in most takeovers even though acquirer
announcement returns have decreased threefold from 1992 to 2009. This result
is perhaps inconsistent with the view that acquirers do not gain in takeovers.
We also find evidence that it is not a general result that stock deals are associ-
ated with negative abnormal returns for the acquirer. For example, stock as a
method of payment in M&As is used more than cash in deals associated with
the highest cumulative abnormal returns. Further, the use of stock as a payment
method is as frequent in the greatest value-reducing deals as in the deals that
create the most value.

Detailed data on the firms involved in a transaction can enable a researcher
to identify important relations in M&As. However, one must be careful in ex-
tending the implications of the work to firms that are not in the samples. We
believe that this detailed summary of the characteristics of M&As for a com-
prehensive sample is useful both on its own and as an aid in future research.
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Table A3
Firm and aggregate returns to all acquisition-related activity of U.S. acquirers with data on CRSP

(5)
Number of (6)

(2) (3) (4) unique Number of
(1) Mean Median Sum acquirers observations

Panel A. Acquisitions
CAR 7.3%*** 3.0%*** 709.4% 9,633 67,301
Dollar −$33.8 $1.8*** −$325,442 9,628 67,301

Panel B. Divestitures
CAR 4.4%*** 1.6%*** 189.4% 4,335 17,421
Dollar −$10.7 $1.5*** −$46,526 4,334 17,421

Panel C. Becoming a target
CAR 20.2%*** 16.0%*** 669.1% 3,312 3,394
Dollar $199.1*** $30.5*** $659,236 3,311 3,394

Panel D. Sum of all activity
CAR 16.3%*** 8.7%*** 1,568.0% 9,633 9,633
Dollar $29.8 $8.9*** $287,234 9,628 9,628

Panel E. Sum with only “normal” acquirers
CAR 5.6%*** 3.1%*** 112.0% 1,980 1,980
Dollar −$260.9** $11.5*** −$516,588 1,980 1,980

All of the statistics in this table are conditioned on the firm being both an acquirer and having announcement-
day returns on CRSP. The columns mean, median, and sum present those statistics for the CAR associated with
each event. We match the CRSP permanent number (PERMNO) of unique acquirers in SDC to the PERMNO
of targets and parents of targets (in the case of divesting a subsidiary), thereby detailing the overall acquisition
activity of each acquirer from SDC with CRSP return data. We identify a divesting parent by eliminating all
matching target-parent and target CRSP permanent numbers. Sum of all activity sums up all of the activity
(acquisitions, divestitures, and becoming a target) per PERMNO to provide the overall change in dollar and
returns for each acquirer. The last two rows reexamine the analysis using only acquirers with acquisitions that
are more normally observed in M&A studies: The target is public and is greater than 1% of the acquirer, and
the deal value is $50 million or more. All dollars are in millions and are adjusted to 2010 dollars using the CPI.
** and *** represent significance at the 5% and 1% levels, respectively.
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